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Automatic Description and Interactive Chat for Cultural
Heritage Images
- A Case Study of Gao Shan Village Murals in Guangxi

Abstract

Automatically describing and engaging in interactive dialogue with murals using natu-
ral language is an important aspect of achieving digital presentation and preservation
of traditional art. It can help users quickly understand the content of murals while
increasing the enjoyment of exhibitions. Existing research lacks description and inter-
action for the specific image type of Chinese murals, which may be due to the absence of
relevant datasets in this field and underestimation of digitizing traditional art. Build-
ing upon previous work, this paper focuses on providing descriptions and interactions
of murals, combining them with Chinese traditional culture. Specifically, we utilize
a model trained on large-scale image-text pairs to describe prominent objects in the
entire mural as well as in specific areas. We retrieve similar classical poetry based on
calligraphic inscriptions found in the murals. Furthermore, by designing prompts and
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incorporating a large-scale language model ChatGPT, we generate human-readable
text that integrates all this information. Additionally, the paper presents a human-
computer interaction feature, allowing users to chat with an Al agent specifically about
the local content of the murals, thereby enhancing public understanding of image de-
tails and sparking interest. The showcased examples demonstrate the achievement of
the primary goals of description and conversation. Finally, the study identifies and an-
alyzes several common description errors and discusses the challenges associated with
this task.

Keywords: mural description , interactive chatting , artificial intelligence
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Caption-Anything
Gradio demo for Caption Anything, image to dense captioning generation with various language styles. To use it, simply upload your image, or click one of the examples to load them. Code: i tion-Anything ;
Click Describe Everything
Image x RIGLNEERLTARAKN RN, BEFERRAARKE—FET
&, BIRIERNIER—RISIENS, BS—RUESH. ARNEEER
"EH, BNNARMITASESER, BOHTEE—TEANR, &
HEAREREMN, BAHHBNEBR. EREN—B, FTXFEE
“RRAN", ROEETTREMELNBRS FEERIERX, T
BEESEEFINGE, REEXARATANGEE, QIERETE
FAT TR BB RTEENEE,
Y
BT
PR4mEiS. ( (TER%E H—) 507 il s04761)
4
Caption Everything in a Paragraph
Chatbox
caption: Two elephants are depicted in the image.
TR %
Point Prompt Clicking Mode P
Clear Clicks Clear Image EfNRftAR0?
© Frositive Megative © Centinuous Single
The animals in the selected region are elephants.
ENEFtA?
Language Sentiment
. - Positive © Natural Negative
Chinese The elephants in the selected region are standing.
Factuality Generated Caption 10 < Enable Wiki
Length ST —EI
© Factual Imaginatien Yes © Ne
o
Yes, the elephants in the selected region of the image are
standing together.
= Bamples
Clear Text Submit

Figure 2: BEE AIFEE R FREAITIGE, HApE EAL Oy nEETEULETER, A LAr
LR B AR TR R LIFE, 2T AE GRS NAERNIIREX, A NAEEEHD
WAL EBIR 5 -
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